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Objective

Introduction

A Model truly understand the data.
Find a significative mapping from data to latent vector.

On the other hand, every latent vector can reconstruct data.
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1 Technic detail of the model

2 The evaluation
3 Scaling up
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Basic Linear Model

Factor analysis / principal component analysis
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More explicitly
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Reconstruction Error
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Basic Gradient Descent
On training Generative  ConvNet
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